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ABSTRACT

The rapid integration of Artificial Intelligence (Al) is transforming the financial services
sector by enhancing efficiency, personalization, and customer experience. The present
study examines customers’ awareness, usage, and perceptions of Al-based financial
services, with special reference to Valanchery Municipality in Malappuram district.
Using a descriptive research design, primary data were collected from 150 respondents
through a structured questionnaire and analyzed using percentage analysis, mean score
analysis, chi-square tests, and ANOVA. The findings reveal high usage of banking and
digital payment services and a generally positive perception of Al, particularly regarding
efficiency, convenience, and service quality. The chi-square results indicate significant
differences in awareness levels and a strong association between awareness and
demographic factors such as age, education, occupation, and income, while gender shows
no significant association. Importantly, a statistically significant association exists
between the level of awareness and the level of usage of financial services, confirming
that higher awareness leads to more diversified and intensive usage. The study highlights
the critical role of customer awareness and trust in driving effective adoption of Al-
enabled financial services.

Keywords: Artificial Intelligence, Financial Services, Customer Awareness, Customer
Perception, Technology Adoption

1.1 Introduction

The financial services industry is undergoing a profound transformation driven by rapid
technological advancements, particularly the integration of Artificial Intelligence (AI). Al
technologies such as machine learning, natural language processing (NLP), robotic
process automation (RPA), predictive analytics, chatbots, and robo-advisors are
reshaping how financial institutions design, deliver, and manage services by improving
efficiency, personalization, fraud detection, and risk management (Gomber et al., 2018;
Huang & Rust, 2021). As digital platforms increasingly replace traditional branch-based
models, Al has become central to modern financial service delivery.
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Contemporary customers expect faster, safer, and more personalized financial
interactions, prompting institutions to adopt Al-enabled systems that offer real-time
decision-making, round-the-clock support, and predictive insights (PwC, 2020).
Applications such as virtual assistants, biometric authentication, automated credit
scoring, and robo-advisory services have significantly enhanced customer experience and
operational effectiveness across both traditional banks and fintech firms (Arner et al.,
2017).

Despite these advantages, the success of Al implementation depends heavily on customer
perception and acceptance. Issues related to trust, data privacy, algorithmic bias, system
transparency, and reduced human interaction continue to influence customer attitudes
toward Al-based financial services (Shankar, 2018; Belanche et al., 2020). These
concerns are particularly relevant in emerging economies, where digital literacy and trust
levels vary considerably (Venkatesh et al., 2012). Hence, understanding customer
perceptions is essential for ensuring that Al adoption aligns with customer needs and
enhances service quality, forming the basis of the present study.

1.2 Review of Literature

Early research on Artificial Intelligence in financial services focused on its potential as a
decision-support tool capable of managing complex, nonlinear, and data-intensive
financial problems. Pau (1991) and Breitner et al. (2007) highlighted the effectiveness of
knowledge-based systems and neural networks in financial forecasting and decision-
making, while Bahrammirzaee (2010) demonstrated that Al techniques often outperform
traditional statistical models in dynamic financial environments.

With the expansion of digital finance, scholars began examining AI’s role in banking
transformation and regulatory compliance. Banwo (2018) and Magnuson (2019)
emphasized AI’s contribution to automation, robo-advisory services, and algorithmic
trading, while cautioning against risks such as bias and systemic instability. Lau (2021)
and Pandey and Sergeeva (2022) further framed Al as a strategic driver of innovation,
profitability, and scalable financial business models.

Recent studies have focused extensively on Al’s impact on customer experience,
operational efficiency, and risk management. Research by M. S. V. (2023), Kasula
(2023), and Dhashanamoorthi (2023) reported improvements in fraud detection, service
automation, and personalized offerings, while Han et al. (2023) emphasized ethical
concerns related to data privacy, transparency, and fairness. These findings highlight the
dual role of Al as both an enabler of efficiency and a source of ethical challenges.

Studies conducted in 2024 further advanced this discourse by emphasizing AI’s maturity
and future trajectory in financial services. Abdulsalam and Tajudeen (2024), Feng (2024),
and Vandanapu (2024) highlighted AI’s contribution to personalization, financial
inclusion, and sustainable banking. Collectively, the literature underscores the need to
examine customer perceptions to ensure responsible, trustworthy, and customer-centric
Al implementation, particularly in localized and emerging contexts.
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1.3 Artificial Intelligence in Financial Services

Artificial Intelligence in financial services refers to the application of intelligent
computational technologies that enable systems to learn, reason, and make decisions with
minimal human intervention. Core Al technologies such as machine learning, NLP,
neural networks, predictive analytics, RPA, and generative Al enhance efficiency,
accuracy, and customer-centric service delivery (Pau, 1991; Bahrammirzaee, 2010;
Pandey & Sergeeva, 2022). Early theoretical perspectives positioned Al as a superior
decision-support mechanism for handling complex financial problems (Breitner et al.,
2007).

From a service transformation perspective, Al acts as a catalyst for digital innovation by
automating routine processes, improving risk management, and enabling real-time data-
driven decisions. Technology-enabled service innovation theories suggest that Al
enhances operational efficiency while simultaneously improving service quality through
speed, consistency, and scalability (Lau, 2021; Feng, 2024). Applications such as
automated credit scoring, fraud detection, and robo-advisory services illustrate AI’s

transformative impact on traditional banking models (Magnuson, 2019; Kesawaraj,
2024).

Customer-centric theories explain Al adoption through personalization and experiential
service quality. Al-driven systems analyze customer behavior and preferences to deliver
customized services, influencing satisfaction, trust, and loyalty (Pandey & Dangi, 2024;
Vandanapu, 2024). Chatbots, virtual assistants, and generative Al enhance engagement
by providing instant responses and tailored recommendations, thereby strengthening
long-term customer relationships (Ganesan, 2024).

However, ethical and institutional theories emphasize the importance of responsible Al
governance. Concerns related to data privacy, algorithmic bias, transparency, and
cybersecurity necessitate robust regulatory frameworks and organizational readiness (Han
et al., 2023; Becerra Vicario et al., 2024). Institutional theory further highlights that trust,
regulatory compliance, and digital literacy significantly shape Al adoption, particularly in
emerging economies (Abdulsalam & Tajudeen, 2024). These perspectives collectively
form the conceptual foundation of the present study.

1.4 Significance of the Study

This study holds significance for multiple stakeholders in the financial ecosystem. For
financial institutions, it provides actionable insights into how Al technologies can be
leveraged to enhance customer satisfaction, trust, and loyalty while maintaining
competitiveness in a digitally driven market. From a customer perspective, the study
improves understanding of Al-enabled financial services, including benefits such as
personalization, speed, accuracy, and convenience, which influence usage behavior and
confidence.
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For policymakers and regulators, the findings offer guidance on developing balanced
frameworks that promote innovation while ensuring ethical Al use, data security, and
consumer protection. Academically, the study contributes to the growing body of
literature on digital transformation, technology acceptance, and Al-driven service
innovation by extending existing models of technology adoption to the financial services
context. Overall, the study establishes a clear linkage between Al capabilities and
customer-centric outcomes in financial services.

1.5 Scope of the Study

The scope of the study is confined to examining the influence of Artificial Intelligence on
customer needs within the financial services sector in the Valanchery Municipality in
Malappuram district. It encompasses key segments such as retail banking, insurance,
investment services, digital payments, and fintech platforms. The study focuses primarily
on customer-facing Al applications, including chatbots, robo-advisors, fraud detection
systems, and predictive analytics, while backend Al applications are considered only
insofar as they influence customer experience.

Functionally, the study evaluates AI’s impact on customer satisfaction, personalization,
responsiveness, trust, and service usage behavior. The technical design and development
aspects of Al systems are excluded. Primary data are collected from customers and
financial service professionals to ensure balanced perspectives. To reflect contemporary
trends, the study considers Al developments and implementations within the last five
years.

1.6 Statement of the Problem

The financial services sector is experiencing rapid digital transformation driven by rising
customer expectations for seamless, personalized, and real-time services. Al-powered
tools such as chatbots, robo-advisors, automated credit scoring, and fraud detection
systems have become central to this transformation. However, despite substantial
investments in Al, there remains uncertainty regarding whether these technologies
effectively address customer needs and expectations.

Concerns persist about customer perceptions of Al, particularly with respect to trust,
transparency, data privacy, algorithmic bias, and the perceived loss of human interaction.
Moreover, the extent to which Al enhances customer satisfaction and engagement, as
opposed to merely improving operational efficiency, remains unclear. These unresolved
issues highlight a critical gap between technological advancement and customer-centric
value creation in financial services.

Against this backdrop, the present study seeks to evaluate the role of Al in meeting
customer expectations in the financial services sector by addressing the following
research questions:
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1. What are the level of awareness and usage of Al-based financial services among
customers?

2. What are the customer perceptions towards Al in financial services?

3. What are the factors influencing customer acceptance of Al-based financial
services?

1.7 Objectives of the Study

1. To assess the level of awareness and usage of Al-based financial services among
customers in Valanchery Municipality.

2. To analyze customer perceptions towards Al in financial services.

3. To examine the factors influencing customer acceptance of Al-based financial
services.

4. To study the association between demographic factors, awareness, and usage of Al-
based financial services.

1.8 Research Methodology

The study adopts a descriptive research design to examine customer perspectives
towards Artificial Intelligence in financial services, with special reference to Ward No.
25 of Valanchery Municipality. The sample unit consists of customers who use Al-
enabled financial services, and data were collected from 150 respondents selected
through a convenience sampling technique. Primary data were gathered using a
structured questionnaire, while secondary data were sourced from theses, journals,
books, magazines, and online resources. The collected data were analyzed using SPSS
software.

1.9 Results and Discussion
Table 1.1

Types of Financial Services Used by Customers

Type of Financial Service No.of response Percentage (%)
Banking Services 98 81.7
Digital Payment Services 86 71.7
Insurance Services 54 45.0
Investment Services 42 35.0
Loan Services 68 56.7

Source: Primary Data

Interpretation:
The table indicates that banking services (81.7%) and digital payment services (71.7%)
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are the most widely used financial services among customers, reflecting their essential
role in daily financial transactions. This is followed by loan services, insurance, and
investment services, showing comparatively moderate usage levels.

Since the data are based on multiple responses, the total percentage exceeds 100 percent,
as respondents were allowed to select more than one type of financial service they use.

Table 1.2

Perception of customer towards Al based financial services

SI. No. Perception Statement Mean Rank

1 Al makes banking services convenient and user-friendly 4.08 2

2 Al improves accuracy and efficiency in financial services 415 1

3 Trust in Al systems for data protection and security 3725

4 Al enhances overall customer service quality 396 3

5 Al increases confidence in digital banking platforms 385 4
Overall Perception toward Al in Financial Services 3.95

The results of the mean score analysis indicate a positive overall perception of Artificial
Intelligence in financial services among the 150 respondents. The highest mean score was
observed for the perception that Al improves the accuracy and efficiency of financial
services, reflecting strong confidence in AI’s operational benefits. Respondents also
perceived Al as enhancing convenience and overall service quality, indicating acceptance
of Al-enabled banking platforms. Although trust in Al systems for data protection
recorded a comparatively lower mean score, it still reflected a positive perception,
suggesting that security and privacy concerns remain an area requiring continued
attention. Overall, the findings demonstrate that respondents hold a favourable perception
of Al in financial services, supporting its continued adoption and integration.
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Table 1.3

Factors influencing the use of Al based financial services

SI. No. Factors Mean

1 Perceived Usefulness 4.10

2 Perceived Ease of Use 3.98

3 Trust & Security 3.76

4 Perceived Risk 3.42

5 Social Influence 3.65

6 Facilitating Conditions 3.88
Overall Acceptance Factors 3.80

Rank

W L N BN =

The analysis reveals that perceived usefulness is the most influential factor affecting the
acceptance of Al-based financial services, indicating that respondents prioritize
efficiency and performance benefits. Perceived ease of use and facilitating conditions
also exert strong influence, suggesting that simplicity and access to digital infrastructure
play a crucial role in adoption. Trust and security emerged as a moderately high
influencing factor, reflecting respondents’ cautious optimism toward Al-enabled financial
platforms. Perceived risk recorded the lowest mean score, highlighting existing concerns
related to privacy and reliability that may hinder full acceptance. Overall, the findings
suggest that while functional benefits strongly drive acceptance, addressing trust and risk

issues is essential for widespread adoption of Al financial services.

Table 1.4

Customer Satisfaction

Satisfaction Statements

I am satisfied with financial services

Services meet my expectations

Services are convenient

Problem resolution is effective

Mean

4.18

4.10

4.22

3.98

SD

0.74

0.77

0.72

0.83
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Satisfaction Statements Mean SD

Overall satisfaction level 4.20 0.71

Overall Mean Score: 4.14

Respondents exhibit a high level of satisfaction with financial services.

Hypothesis 1: There is no significant difference between the observed and expected
distribution of customers across different levels of awareness of financial services
(low, moderate, and high).

Table 1.5

Chi-square test of goodness of fit for measuring the level of customer awareness of
financial services

Attribute | Low Moderate | High Total Chi- P value
Level Level Level Square
value
Level of |30 55 65 150 13.00 <0.01
Awareness
(20.0%) (36.7%) (43.3%) (100%)

Source: Primary Data

The Chi-square test of goodness of fit reveals a statistically significant difference
between the observed and expected distribution of customer awareness levels of financial
services (x> = 13.00,p < 0.01). This indicates that customer awareness is not equally
distributed across low, moderate, and high levels. A substantially higher proportion of
respondents fall under moderate to high awareness (80%), while the low awareness group
is significantly smaller than expected. The findings suggest that customers generally
possess an adequate level of awareness regarding financial services, reflecting increasing
exposure, financial literacy initiatives, and digital financial inclusion.

Hypothesis 2: There is no significant Association between different levels of
awareness of financial services (low, moderate, and high) across demographic
profile of respondents

HO02 a: There is no significant association between gender and level of awareness of
financial services.
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Table 1.6

Chi square test of Association between Gender and Level of Awareness of Financial

Services
Level of Awareness Chi-
Gender Square | P Value
Moderate .
Low Level Level High Level | Total Value
16 27 32 75
Male
(21.3%) (36.0%) (42.7%) (50.0%)
Female 14 28 33 75
(18.7%) (37.3%) (44.0%) (50.0%)
Total 30 55 65 150
(20.0%) (36.7%) (43.3%) (100%) | 0.41 0.81 NS

The chi-square test reveals no significant association between gender and awareness of
financial services (p > 0.05). Awareness levels are almost equally distributed among male
and female respondents; hence, Ho: is accepted.

HO02 b: There is no significant association between age and level of awareness of
financial services.

Table 1.7

Chi square test of Association between Age and Level of Awareness of Financial

Services
Age Level of Awareness Chi-
8 . Square P Value
Group Low Moderate | High Total v
alue

12 18 12 42
Below25 1 os 600y | 42.8%) | (28.6%) | (28.0%)
2635 8 20 26 54

(14.8%) | (37.0%) | (482%) | (36.0%)

6 11 18 35 14.27 0.02 "
36-45 (17.1%) | (314%) | (51.5%) | (23.3%)

4 6 9 19
AbovedS ) o0y | Glew) | 473%) | (12.7%)
Total 30 55 65 150

(20.0%) (36.7%) (43.3%) (100%)

Age shows a statistically significant association with awareness of financial services (p <
0.05). Respondents aged 2645 years exhibit higher awareness levels, possibly due to
greater financial responsibility and exposure. Therefore, Hoz is rejected.

www.liirj.org

ISSN 2277-727X m




Lokavishkar International E-Journal, ISSN 2277-727X, Vol-14, Issue- 02, July-Dec 2025 (Bi-annual)

HO02 c: There is no significant association between educational qualification and
level of awareness of financial services.

Table 1.8

Chi square test of Association between Educational Qualification and Level of
Awareness

. Level of Awareness Chi-
Educational Square P Value
Qualification | Low Moderate | High Total Value
School 8 > 3 16
(50.0%) (31.3%) (18.7%) (10.7%)
Graduate 1 19 22 >2
(21.2%) (36.5%) (42.3%) (34.7%)
Postgraduate 6 17 29 52 18.02 0.006 **
(11.5%) (32.7%) (55.8%) (34.6%)
Professional > 14 1 30
(16.7%) (46.6%) (36.7%) (20.0%)
30 55 65 150
Total
(20.0%) (36.7%) (43.3%) (100%)

Educational qualification has a strong and statistically significant association with
awareness (p < 0.01). Higher awareness is observed among postgraduate and professional
respondents, emphasizing the role of education in enhancing financial understanding.
Hence, Hos is rejected.

HO02 d: There is no significant association between occupation and level of awareness
of financial services.

Table 1.9

Chi square test of Association between Occupation and Level of Awareness of
Financial Services

. Level of Awareness Chi-
Occupational Square P Value
Status Low Moderate | High Total val

alue
Employee 10 22 28 60
(16.7%) (36.7%) (46.6%) (40.0%)
Business 9 12 13 34
(26.5%) (35.3%) (38.2%) (22.7%)
Others 11 21 8 40 12.84 0.01 *
(34.4%) (65.6%) (25.0%) (26.7%)
Total 30 55 65 150
(20.0%) (36.7%) (43.3%) (100)
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The chi-square test reveals a statistically significant association between occupation
and level of awareness of financial services (p < 0.05). Hence, Hos is rejected.
Employees exhibit the highest level of awareness, followed by business respondents,
reflecting greater exposure to formal financial systems and Al-enabled services. This
supports earlier findings that occupational engagement significantly influences financial
awareness and technology adoption (Pandey & Dangi, 2024; Abdulsalam & Tajudeen,
2024).

HO02 e: There is no significant association between monthly income and level of
awareness of financial services.

Table 1.10
Chi square test of Association between Monthly Income and Level of Awareness of
Financial Services

Level of Awareness Chi-
Monthly Square P Value
Income Low Moderate | High Total val

alue

Below 12 16 12 40
%20,000 (30.0%) (40.0%) (30.0%) (26.7%)
320,001 10 18 26 54
40,000 (18.5%) (33.3%) (48.2%) (36.0%)
Above 8 21 27 56 21.96 0.001 **
40,000 (14.3%) (37.5%) (48.2%) (37.3%)
Total 30 55 65 150

(20.0%) (36.7%) (43.3%) (100%)

Monthly income has a statistically significant association with awareness of financial
services (p < 0.01). Higher income groups demonstrate greater awareness due to
increased financial exposure and investment activity. Hence, Hos is rejected.

HO03:There is no significant association between the level of awareness and the level
of usage of financial services.

Table 1.11

Chi-Square Test of Association between Level of Awareness and Level of Usage

Level of Usage Chi-
Level of Square P Value
Awareness Low Moderate | High Total q

Value

Low 14 10 6 30
Awareness (46.7%) (33.3%) (20.0%) (100%)
Moderate 13 21 21 55
Awareness (23.6%) (38.2%) (38.2%) (100%)
High 8 21 36 65 18.76 0.000 **
Awareness (12.3%) (32.3%) (55.4%) (100%)

35 52 63 150
Total

(23.3%) | (34.7%) (42.0%) | (100%)
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The level of usage of financial services was determined based on the number and range
of financial services utilised by respondents, including banking, digital payments,
insurance, loans, and investment services. Based on cumulative usage scores and
percentile cut-offs, respondents were categorised into low, moderate, and high usage
levels to facilitate meaningful analysis and hypothesis testing.

Since the calculated p-value is less than 0.01, the null hypothesis is rejected, indicating a
statistically significant association between customers’ level of awareness and their level
of financial services usage. Respondents with higher awareness tend to exhibit greater
and more diversified usage of financial services, while those with lower awareness
predominantly fall under low usage categories, highlighting the role of awareness in
influencing adoption behaviour. This finding is consistent with earlier studies which
suggest that enhanced awareness improves confidence, reduces perceived risk, and
encourages informed financial decision-making (Lusardi & Mitchell, 2014; Beck,
Demirgiic-Kunt, & Levine, 2007). Further, evidence from Klapper, Lusardi, and van
Oudheusden (2015) supports the view that financial awareness initiatives contribute
significantly to broader financial participation and inclusion.

1.10 Discussion of Findings

Among the respondents, 53% are female and 47% are male, with the majority belonging
to the age group below 25 years, being graduates, and earning a monthly income between
220,000 and %40,000; 39% are self-employed. A large proportion of respondents (77%)
are actively engaged with financial services, while only 23% report rare or no usage.
Banking and insurance services emerge as the most commonly used financial services,
while digital payment services (25%) show a moderate level of adoption. With regard to
Al-based financial services, robo-advisory services are the most widely used (47%), and
most respondents use Al financial tools at least monthly, with 85% reporting regular
usage.

The findings of the study demonstrate that customers exhibit a high level of engagement
with Al-enabled financial services, particularly banking and digital payment services,
reflecting their growing importance in everyday financial transactions. Mean score
analysis reveals a favourable perception of Al, with respondents strongly agreeing that Al
improves efficiency, accuracy, convenience, and overall service quality. Factors such as
perceived usefulness, ease of use, and facilitating conditions emerged as the most
influential drivers of Al acceptance, reinforcing technology acceptance theories that
emphasize functional benefits and usability as key determinants of adoption (Pandey &
Dangi, 2024; Venkatesh et al., 2012). Although trust and security concerns persist, the
overall perception remains positive, indicating cautious optimism toward Al-driven
financial platforms.

Inferential analysis further strengthens these insights. The chi-square test of goodness of
fit confirms that customer awareness of financial services is significantly skewed toward
moderate and high levels, reflecting increasing exposure to digital finance and Al-
enabled services. Significant associations were observed between awareness and
demographic factors such as age, education, occupation, and income, suggesting that

www.liirj.org ISSN 2277-727X m




Lokavishkar International E-Journal, ISSN 2277-727X, Vol-14, Issue- 02, July-Dec 2025 (Bi-annual)

socioeconomic characteristics play a vital role in shaping financial awareness. Most
importantly, the chi-square test of association reveals a highly significant relationship
between the level of awareness and the level of usage of financial services (p < 0.001),
indicating that customers with higher awareness tend to use a broader range of financial
services more intensively. This finding aligns with prior studies which argue that
awareness enhances confidence, reduces perceived risk, and promotes informed financial
decision-making (Lusardi & Mitchell, 2014; Beck, Demirgiic-Kunt, & Levine, 2007,
Klapper, Lusardi, & van Oudheusden, 2015). Thus, awareness emerges as a critical
enabler of effective Al adoption and financial inclusion.

1.11 Conclusion

The study concludes that Artificial Intelligence has significantly reshaped customer
experiences in the financial services sector by improving efficiency, personalization, and
service quality. Customers in the study area demonstrate moderate to high awareness and
a positive perception of Al-based financial services, with awareness playing a decisive
role in determining the level of usage. The significant association between awareness and
usage underscores the importance of strengthening financial and digital awareness
initiatives to ensure inclusive and effective adoption of Al-enabled financial services.

1.12 Scope for Further Studies

Future research may extend this study to a larger geographical area or conduct
comparative analyses between urban and rural regions to enhance generalizability.
Longitudinal studies could also be undertaken to examine changes in customer perception
and trust as Al technologies in financial services continue to evolve.
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